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detecting and preventing slip during manipulation. e Theimage needs to be parameterized so they can be
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e Traditional methods of slip detection rely on either Vai(t) = f - (Dg(8) — Dy, (t — At))
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e Tactile sensing has emerged as a better alternative due Vi — — D
to rich contact surface information available. i o
e GelSight, an optical-tactile sensor, is able to provide 1=1
surface contour and contact forces of contact surfaces. - |
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formulating slip detection as a classification problem 1=1 L
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e UR5e robot fitted with custom machined metallic & 100
grippers to house GelSight mini sensor. & o
e Robotig Hand-E robotic gripper used as the end 50
effector for the UR5e robot. 2 | "
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Figure 2: Output from GelSight and Entropy as object starts to slip % .\‘. (3) (4)
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o Rate of change of entropy and entropy can be
used as features for the classification problem.
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Figure 3: Example trial with slip detection algorithm embedded
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Figure 1: UR5e robot fitted with Robotiqg Hand-E Gripper adapted to house
GelSight Mini



